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To the Editor,
large language models (LLMs), a subset of artificial 
intelligence (AI), are remarkably good at identifying, 
summarizing, translating, forecasting, and producing 
text and other content [1]. LLMs are very receptive 
to different prompts and inquiries and have a broad 
comprehension of the enormous volume of text data 
they have been trained on. With so many possible 
uses in the emergency department (ED), LLMs hold 
great promise for significant improvements in health-
care. This letter provides an overview of a future 
in which healthcare is more accurate, efficient, and 
patient-centred by pointing out places where incor-
porating these LLM AI developments into emergency 
medicine situations can be advantageous.

Large language models (LLMs) have the power  
to transform several emergency department (ED) pro-
cesses. By examining patient data — including medi-
cal history, symptoms and test results — these power-
ful AI systems can deliver evidence-based recommen-
dations for diagnosis and therapy in real-time [1].  
This capacity can increase decision-making speed 
and accuracy in the hectic ED setting. Using main 
complaints and other relevant information, LLMs can 
create triage algorithms to rapidly determine patient 
acuity [2, 3]. Such algorithms may shorten waiting 
times and enhance results by giving priority to pa-
tients who need immediate attention. A priori LLMs 

should not exhibit any form of bias and therefore 
might be more objective in certain conditions, as it 
was described that some ED workers have strong 
prejudices that could affect patients’ treatment — for 
example, homophobic attitudes can relate to incor-
rect attribution of symptoms to sexually transmitted 
diseases, ignoring a true cause of the complaint [4].

In one of the studies, ChatGPT could correctly 
assess patients in the emergency department accord-
ing to their main complaints. Medical report genera-
tion and other clinical documentation management 
can also be automated by LLMs [1], which relieves 
doctors of administrative duties and saves them 
a great deal of time. Bradshaw [5] proposed that ED 
discharge instructions received by the patients may 
successfully be generated using ChatGPT. LLMs can 
also build chatbots or virtual assistants to commu-
nicate with patients, respond to their queries and 
offer crucial medical guidance [1]. Particularly when 
patients have restricted instant access to healthcare 
professionals, this can increase patient involvement 
and happiness. Further helping to identify important 
data quickly is LLMs’ ability to extract and summarize 
important findings from radiological reports [6].

Although large language models (LLMs) have a lot 
of potential in the healthcare industry, adoption of 
them will need to overcome several obstacles. Ad-
dressing data privacy and security issues requires 
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ensuring adherence to laws like Health Insurance 
Portability and Accountability Act (HIPAA) and safe-
guarding patient data anonymously [7, 8]. Con-
sidered “black boxes”, many LLMs are opaque in 
their decision-making processes, which can impede 
physicians’ adoption and trust [2, 8, 9]. LLMs run 
the danger of sustaining prejudices in their training 
data, which could result in differences in treatment. 
Various, representative datasets and close moni-
toring are necessary to lessen this [1, 8, 9]. The 
need to stress that LLMs should support the human 
experience rather than take its place is essential 
to preserve the professional worth of healthcare 
practitioners. Clinical judgment and critical thinking 
abilities run the danger of declining if physicians 
become unduly dependent on LLMs, even if they 
can improve clinical decision-making. Using LLMs 
presents intricate medical and ethical issues about 
accountability for mistakes and guaranteeing just 
and moral AI application [8, 9]. Particularly in the 
medical industry where accuracy is essential, LLMs 
cannot always yield correct information [8]. LLM 
performance is mostly influenced by the calibre and 
representativeness of the training data. Untrustwor-
thy or discriminating outcomes can occur from inac-
curate or biased data [8]. What is more, for smaller 
or less resource-rich institutions, the financial bur-
den of establishing and sustaining LLMs in hospital 
settings could be prohibitive [9].

LLMs have the potential to revolutionize emer-
gency medicine by enhancing patient care, stream-
lining procedures, and improving clinical deci-
sion-making. Studies demonstrated that paramedics 
working in ED often experience mental overload, 
insomnia or burnout [10, 11]. Interventions leading 
to relieving their occupational burden or saving time 
might contribute to all, as it was proven that stra-
tegic management of human resources positively 
influences employees, their satisfaction and engage-
ment. Notwithstanding, ED healthcare providers 
must feel secure to deliver optimal care [12]. There-
fore, they must be certain that new technologies 
implemented in the ED are reliable and trustworthy.

There are multiple important issues to consider, 
such as the need for model interpretability, data pri-
vacy concerns, and the potential for bias in training 
data. Addressing these issues is critical as research in 
this area advances to guarantee the safe, efficient, 
and fair application of LLMs in the emergency de-
partment. Medical practitioners play a vital part in 

this process since their knowledge and experience 
are priceless in directing the integration of LLMs in 
emergency medicine.
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